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https://www.imi.kyushu-u.ac.jp/sites/sgw2026/wp-content/uploads/sites/21/2025/11/IMI_SGW_regulation.pdf
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https://snap.stanford.edu/data/soc-sign-bitcoin-otc.html
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https://snap.stanford.edu/data/soc-sign-bitcoin-otc.html
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https://snap.stanford.edu/data/soc-sign-bitcoin-alpha.html
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Kumar, Spezzano, Subrahmanian, and Faloutsos,
“Edge Weight Prediction in Weighted Signed Networks” (2016)
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Future Works
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» Srijan Kumar, Francesca Spezzano, VS Subrahmanian, and Christos Falout-sos.
Edge weight prediction in weighted signed networks. In 2016 IEEE 16th international
conference on data mining (ICDM), pages 221-230. IEEE, 2016.
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EE7FERFZS [Kumar et al, 2016]
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